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ABSTRACT

Utilization and Acceptance of Technology Certain dimensions may predict behavioural intention regarding adopt-
ing and utilising technology, according to models. Consequently, these models have been utilised more frequently 
by researchers worldwide. We indexed 336 pertinent journal articles published from 1995 to 2023 on the Web of 
Science Core Collection Acceptance and Use of Technology Models in Healthcare implementation. We conducted 
a quantitative scientometric review of these articles to ascertain the models most frequently used by researchers. 
The results indicated a substantial surge in articles published in the discipline, particularly since 2005. This growth 
has been primarily driven by the United States, China, and England, as these three nations have not only cultivated 
the most productive authors and high-yielding research institutions but have also published many prolific journals. 
The top three SDG-related publications concerned climate action, affordable and sustainable energy, and excellent 
health and well-being. Quantitatively supplementing the current qualitative literature, these results offer significant 
implications and insights for international research utilising technological models.
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INTRODUCTION

In recent decades, integrating technology into health 
services has emerged as a noteworthy development that 
warrants careful consideration (1).  The creation of new 
technologies faces a substantial challenge in gaining 
acceptance. Patients are a vulnerable demographic 
in the healthcare industry, and their information is 
regarded as confidential, especially when it comes 
to stigmatising conditions such as mental health (2). 
When integrated with contemporary and acknowledged 
protocols, delivering healthcare services via the Internet 
reduces expenditure and idle time while enhancing 
satisfaction and efficiency across various dimensions (3). 
Development and research in this field could improve 
the future of the education and healthcare sectors (4). 
Understanding the correlation between technology and 
individuals requires an in-depth examination of the 
factors influencing potential users’ acceptance of new 
technologies (5). 

Conversely, recognising obstacles and perpetually 

enhancing and optimising healthcare systems necessitate 
the timely and proper exchange of information—field 
(4). Diverse models and methodologies have been 
implemented globally to examine the factors influencing 
technological acceptability (6). User acceptance 
technology in healthcare has been extensively studied. 
Almost all studies have examined factors influencing 
app usage in the healthcare sector. The subsequent 
research endeavors to explore the determinants that 
impact the adoption of technology within the healthcare 
industry: Influences on wearable health tracker usage 
(7), why people use telemedicine (8), Aspects that 
impact the utilization of mobile health services (9), 
Factors that influence users in the use of chatbots in 
health services (10), stakeholder resistance in using 
e-health innovations (11), Factors that influence people 
to use technology and sustainability in using technology 
in the health sector (12), Aspects controlling the health 
and fitness applications of wearable devices (13), factors 
influencing telemedicine acceptance (14), Factors 
influencing the use of virtual assistants in cancer patient 
cases (15), Presenting a paradigm for user acceptability 
of health-related mobile applications (16), Building 
user engagement to mhealth apps (17), factors that 
influence the use of intelligent healthcare services (18), 
By applying big data analytics to the healthcare industry, 
the association between application user behavior 
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and health services can be investigated (19), factors 
influencing the use of telemedicine with several models 
(20).  These studies provide significant incentives for 
additional research on user-acceptance technologies in 
the healthcare industry. 

Undertaking a comprehensive and systematic literature 
analysis about user acceptance of technology utilisation 
in the health sector, this study aims to address the need 
for more knowledge (specifically healthcare). On the 
other hand, there have yet to be any reports of research 
that has utilised CiteSpace and bibliometrics in doing 
such a review. This paper presents a bibliometric study 
from the perspective of descriptive research to assess 
the quantity, attributes, and capabilities of international 
research publications about the acceptance of 
technology by health-sector users (specifically health 
care). Consequently, this investigation aims to explain 
the evolution of research trends using bibliometric 
analysis carried out with CiteSpace. The study aimed 
to achieve the following specific objectives: 1) conduct 
a comprehensive review of the available literature and 
identify the primary authors, institutions, and countries; 
2) discern the frequency of keywords and primary 
categories; 3) delineate the present circulation patterns 
of core journals; and 4) identify emerging subjects and 
regions of interest within the domain of user acceptance 
of technology in the health sector (specifically 
healthcare).

The approaches used in this investigation had several 
noticeable advantages. Initially, network maps of 
authors, publications, and affiliated nations are 
presented in the paper. Thus, tracing the area’s historical 
setting and early theoretical foundations becomes 
simpler. Furthermore, by employing the time-segmented 
evolution approach to keyword analysis, scholars can 
monitor the progression of topics within the realm of 
literature, thereby presenting prospects for further 
investigation. Ultimately, this research not only discerns 
journals, institutions, and other scholarly sources that 
provide a more comprehensive understanding of user 
acceptability towards technology usage in healthcare 
but also maps theories and concepts about technology 
acceptance.
 
METHODOLOGY 

Analysis of Bibliometrics and CiteSpace
Bibliometric analysis entails the systematic and 
numerical examination of publications pertinent to a 
specific subject matter (21). This approach facilitates a 
more comprehensive comprehension of the conceptual 
frameworks and knowledge crucial to any research 
subject (22). This type of analysis enables examining 
article information regarding keywords, authors, 
journals, country references, and even possible trends in 
future studies. By employing this cognitive procedure, 
scholars can perform a longitudinal meta-analysis of a 

particular field to examine its inception and progression 
and forecast forthcoming developments in the study. This 
bibliometric strategy has the following advantages over 
conventional literature analysis methods: It can conduct 
quantitative statistical analysis on a wide range of peer-
reviewed articles across several academic subjects.

Furthermore, visualisation network analysis in this 
methodology allows for identifying significant patterns 
and establishing research clusters among the selected 
publications. One could uncover emergent themes and 
trends by doing a temporal analysis of spikes in the 
document citations and studying co-occurrences of the 
primary keywords or the most frequently used terms (23). 
The results of these findings are significant in selecting 
areas of attention and appreciating emerging trends in 
this area of research, thereby providing greater insight 
into a rising field of study.

Bibliometric analysis is gaining popularity by studying 
the literature and creating several metrics and indicators 
for an ever-growing area of knowledge. Researchers 
consider the following metrics and indicators: knowledge 
patterns, research collaborations, new developments, 
hotspots, and ongoing trends. For bibliometric 
analysis, CiteSpace is frequently utilised. Exploratory 
to their scientific enquiry (24). This methodology uses 
visualisation to facilitate the depiction, exploration, 
analysis, organisation, and presentation of knowledge 
domains on a macroscopic scale. Recent research 
topics highlighting the computing field’s pervasive and 
omnipresent intellectual landscape, including social 
commerce, hospitality, and computer software, have all 
exhibited a surge in interest in this subject matter (25). 
CiteSpace’s ability to identify new topics, significant 
trends, and focus areas within a cognitive framework 
is demonstrated by this research. Unlike traditional 
qualitative approaches, visualisation methods offer 
consumers a more objective and thorough analysis while 
reducing their mental strain. On the contrary, these 
graphical approaches aim to maintain conventional 
systematic review procedures. On the contrary, they 
aim to present computational techniques that achieve 
enhanced precision and effectiveness and may be 
implemented without delay.

Scope and Source of Data
We investigated 336 journal papers on user acceptance 
technology in healthcare published in Web of Science 
(WoS) between 1995 and 2023, utilising bibliometrics 
and the CiteSpace software. The WoS database is used 
because of its respectable articles that span numerous 
academic areas and cover much ground. It is among 
the most extensive collections of data concerning user 
acceptability of technology spanning the years 1900 
to the present (26). Furthermore, WoS is regarded as 
the preeminent and most esteemed indexing tool for 
scientific and technological literature. It offers valuable 
insights into the most crucial and pertinent research and 
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is often considered an ideal data source for bibliometrics. 
By functioning as a citation index, WoS facilitates the 
connection of literature from several disciplines, enabling 
researchers to track the development of their research 
while navigating cross-disciplinary relationships (27). 

The primary sources of information utilised in this 
study were Citation Indexes contained in the WoS Core 
Collection (WoSCC) databases. To assure precision and 
investigate the cross-country movement of academics 
(including teachers, researchers, and scholars) 
exclusively within higher education, we limited our 
keyword search to educational research domains. In a 
search based on article titles, abstracts, and keywords, 
the subsequent elements were considered: The adoption 
of technology by healthcare users. The filtered set of 
1,154 articles spans the years 1995 to 2023. Exclude 
proceedings, review articles, and early access papers, 
totalling 979; articles written exclusively in English, 971; 
and publications about the study topic of healthcare 
science services, 336. To ensure the accuracy of the 
samples, a screening process was conducted on the titles 
and abstracts of each article to ascertain whether the 
paper’s conclusion and overall topic were consistent.

Furthermore, irrelevant outcomes were not considered. 
Thus, 336 articles were retrieved from 1154 WoSCC 
databases from 1995 to 2023. To assure accuracy, the 
WoS data underwent a screening process to eliminate 
duplicates after format conversion. The primary variables 
utilised in this investigation are based on searching 
period 1995 until 2023. Searching keywords were “user 
acceptance of technology in healthcare”, research areas 
were “Healthcare science service”, document Type 
“Articles”, and language using “English”, and the sample 
record was 336.

The researchers utilised CiteSpace (6.2. R5) to delineate 
the gathered data; the essential stages of the analysis 
are outlined in the following ways. Before entering the 
data, which included all records and citations in plain 
text, the authors established a new project titled “User 
Acceptance of Technology in Healthcare.” Then, the 
analysis parameters were set, comprising time slicing 
(spanning from 1995 to 2023, with each slice consisting 
of one year), node type (comprising author, institution, 
country, keyword, category, reference citation, cited 
author, and cited journal), term source (including titles, 
abstracts, author keywords, and keywords plus), and 
selection criteria (limiting to the top 50 per cent), pruning 
(including pathfinder and pruning sliced networks), 
and visualisation (cluster view-static and show merged 
network). Furthermore, we identified instances of co-
citation, author, and journal co-citation analyses, and 
mapped the networks to display the productive authors, 
institutions, and nations, and frequently recurring 
keywords. Moreover, after calculating the frequency of 
keywords utilised frequently in journal papers, hotspot 
research subjects and cutting-edge research in the user 

acceptability of technology in the healthcare sector 
were emphasised. A surge in specific terms was cited 
to evaluate the user acceptability of technology in 
healthcare research and identify the most recent trends 
in the field. We modified the visualised knowledge map 
using the control panel to display precise corresponding 
results.

RESULTS 

Distribution of Published Papers
Figure 1 depicts the number of papers in academic 
mobility each year, illustrating the macro-trend of user 
acceptance of technology in healthcare. Figure 1 indicates 
that the volume of relevant literature generated on user 
acceptability of technology in healthcare between 1995 
and 2023 shows a general increasing tendency, from 1 
in 1999 to 49 in 2022 and 28 in 2023, even though it is 
not yet a year old. This could be attributed to the effects 
of globalization and the increased use of technology in 
the healthcare sector.     

Figure 1: Number of publications per year from 1995-2023

Space Distribution of Published Papers
The distribution of published papers by institution and 
nation is an indicator of the research productivity of 
individual institutions and countries. 

Institutions that distribute published papers Figure 2 
depicts the institution time-zone distribution, as well as 
a timeline of important user acceptance research groups 
in Healthcare from 1995 to 2023.

Figure 2:Time zone of institution distribution map of publisher 
papers.

Figure 2 shows that beginning in 1999, an increasing 
number of institutions began to participate in research on 
user acceptability technology in healthcare. However, 
given that this is only one decade, this is not an actual 
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chronology of the centre of study on user acceptance 
technology in healthcare, but rather a timeline of how 
prominent the output on the topic was in different 
years of the decade under discussion. A qualitative 
examination of the dates on which significant papers by 
key authors were published will reveal who is driving the 
growth of international research on user acceptability 
technology in healthcare. Herewith depicts the top 
six producing universities in greater depth. Harvard 
University had the most publications in 2011, with six. 
Then the second by Harvard Medical School, the third 
by Brigham & Women’s Hospital, the fourth by Indiana 
University System, Indiana University-Purdue University 
Indianapolis, and the last by Ruprecht Karls University 
Heidelberg. 

Furthermore, there is no significant variation in frequency 
among these institutions, as each institution contributed 
nearly comparable contributions to academic mobility 
research, as discussed further in the following section’s 
nation distribution study. 

Distribution of published papers by country or region A 
breakdown of the geographical distribution of published 
articles can reflect collaborative academic ties between 
countries/regions, providing new insight for assessing a 
country’s or region’s impact on scholastic development 
and enabling a macro-understanding of the concept of 
national spatial distribution in the academic mobility 
field of study. Figure 2 depicts the geography of 
the academic mobility’s highly productive research 
countries/regions.

Figure 2 and Table I make it abundantly clear that 
Germany is the region that excels in terms of the number 
of papers that have been published. This is evident from 
the fact that the size of the nodal circle for Germany 
is significantly larger than that of other countries, with 
a frequency of 23. Spain comes in second place with 
a frequency of 14, and Italy comes in third with a 
frequency of 9.

Keyword Distribution of Published Papers

Table I: Top 10 Productive Regions/Countries in User accep-
tance technology in healthcare.

No Country Frequency Centrality

1 GERMANY 23 0.12

2 SPAIN 14 0.06

3 ITALY 9 0.01

4 TURKEY 7 0.01

5 BELGIUM 7 0.10

6 FRANCE 6 0.02

7 AUSTRIA 6 0.00

8 FINLAND 6 0.11

9 GREECE 5 0.07

10 SWEDEN 5 0.02

Figure 3: Map of the cluster view of keyword analysis.

In Figure 3, 10 clusters (user satisfaction, electronic 
health record, pharmacy assistant, health information 
technology, UTAUT Model, acceptance process, health 
information, elderly users, computerized, assisted living) 
have been detected, numbered starting from 0(24). The 
top-ranked items by citation counts is (1999) in Cluster 
#5, with citation counts 68. The second one is (1999) 
in Cluster #1, with a citation count of 47. The third is 
(2006) in Cluster #0, with a citation count of 40. The 4th 
is (2007) in Cluster #0, with a citation count of 33. The 
5th is (2007) in Cluster #2, with a citation count of 32. 
The 6th is (1999) in Cluster #1, with citation counts 30. 
The 7th is (2007) in Cluster #4, with citation counts 30. 
The 8th is (1999) in Cluster #2, with citation counts 26. 
The 9th is (2007) in Cluster #3, with citation counts 25. 
The 10th is (2007) in Cluster #3, with citation counts 19. 
Demonstrates that the term “internet” (Figure 3) 
experienced the most significant increase in the number 
of citations by 3.2 beginning in 2009. 2009 marked the 
beginning of the Internet’s steady transformation into a 
research hub for user acceptance technologies in the 
healthcare fields.(38–41). 

DISCUSSION

Moreover Table I presents the 10 most productive 
countries/regions, showing that developed countries/
regions including Germany and the Spain are more 
active in conducting user acceptance technology in 
healthcare research. This might be because Germany’s 
infrastructure supports and wants to further optimize the 
use of technology in healthcare (28) and many other 
researchers who are quite famous and have researched a 
lot related to user acceptance technology in healthcare 
(29), (30), and also many scientific journal publishers 
also from Germany (31), (32). Apart from the frequency, 
betweenness centrality serves as another primary nodal 
index measuring the capacity of a node in associating 
itself with other nodes (33). Nodes characterized by 
high betweenness centrality (ranging between 0 and 1) 
serves as a key conduit between two or more groups that 
demonstrate a transition pattern, further indicating the 
principal themes and hot topics within a given network 
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(33). With a betweenness centrality of 0.12, Germany 
has the highest betweenness centrality in Table I, 
which indicates that Germany plays a significant role 
in connecting and working with academics from other 
nations in the subject of user acceptability technology in 
healthcare research (34).

The cluster with the most citations is the UTAUT 
model, this shows that there is enough research related 
to UTAUT to explore information related to user 
acceptance technology  . Based on Figure 3 shows that 
the term “internet” experienced the most significant 
increase in the number of citations by 3.2 beginning in 
2009. 2009 marked the beginning of the Internet’s steady 
transformation into a research hub for user acceptance 
technologies in the healthcare fields (35–41). 

CONCLUSION

This study used CiteSpace to explore the existing status 
quo and emerging trends in user acceptance technology 
in healthcare, and 336 publications published between 
1995 and 2023 were obtained from WoSCC. To map out 
and locate the most prolific institutions and countries/
regions, we created temporal distribution, institution, 
and country co-authorship networks. The keywords co-
occurrence network is used to identify research hotspots 
and research frontiers, subject categories are used to 
investigate various areas, and the journal co-citation 
network is used to determine the distribution of core 
journals. For further research should consider expanding 
the dataset by incorporating publications from other 
reputable databases such as Scopus, PubMed, and IEEE 
Xplore. Future research can build upon the findings of 
this study and contribute to the continued advancement 
of user acceptance technology in healthcare, ultimately 
enhancing the implementation and efficacy of health 
innovations.

ACKNOWLEDGEMENT

In preparation for this manuscript, we received help and 
support from many parties. First, we would like to thank 
all managers and organizers of the 7th ISOPH event, 
Universitas Airlangga and Universitas Muhammadiyah 
Sidoarjo for supporting this event.

REFERENCES
  	
1. 	 Nazari-Shirkouhi S, Badizadeh A, Dashtpeyma M, 

Ghodsi R. A model to improve user acceptance 
of e-services in healthcare systems based on 
technology acceptance model: an empirical study. 
J Ambient Intell Human Comput. 2023;14(6):7919–
35. DOI: 10.1007/s12652-023-04601-0

2. 	 Sanches P, Janson A, Karpashevich P, Nadal C, 
Qu C, Daudén Roquet C, et al. HCI and Affective 
Health: Taking stock of a decade of studies and 
charting future research directions. In: Proceedings 

of the 2019 CHI Conference on Human Factors 
in Computing Systems. New York, NY, USA: 
Association for Computing Machinery; 2019. p. 
1–17. (CHI ’19). 

3. 	 Costa TB da S, Shinoda L, Moreno RA, Krieger 
JE, Gutierrez M. Blockchain-Based Architecture 
Design for Personal Health Record: Development 
and Usability Study. J Med Internet Res. 
2022;24(4):e35013. DOI: 10.2196/35013

4. 	 Cohen T. The integration and convergence of 
medical and information technologies. In: Iadanza 
E, editor. Clinical Engineering Handbook (Second 
Edition). Academic Press; 2020. DOI: 10.1016/
B978-0-12-813467-2.00082-1

5. 	 Fettermann DC, Cavalcante CGS, Ayala NF, Avalone 
MC. Configuration of a smart meter for Brazilian 
customers. Energy Policy. 2020;139:111309. DOI: 
10.1016/j.enpol.2020.111309

6. 	 Rafique H, Almagrabi AO, Shamim A, Anwar 
F, Bashir AK. Investigating the Acceptance of 
Mobile Library Applications with an Extended 
Technology Acceptance Model (TAM). Computers 
& Education. 2020;145:103732. DOI: 10.1016/j.
compedu.2019.103732

7. 	 Peng C, Zhao H, Zhang S. Determinants and 
Cross-National Moderators of Wearable Health 
Tracker Adoption: A Meta-Analysis. Sustainability. 
Multidisciplinary Digital Publishing Institute; 
2021;13(23):13328. DOI: 10.3390/su132313328

8. 	 Hossain MdA, Amin R, Masud AA, Hossain MdI, 
Hossen MA, Hossain MK. What Drives People’s 
Behavioral Intention Toward Telemedicine? An 
Emerging Economy Perspective. SAGE Open. SAGE 
Publications; 2023;13(3):21582440231181394. 
DOI: 10.1177/21582440231181394

9. 	 Mensah IK. Understanding the Drivers of Ghanaian 
Citizens’ Adoption Intentions of Mobile Health 
Services. Frontiers in Public Health [Internet]. 
2022 [cited 2023 Sep 25];10. Available from: 
https://www.frontiersin.org/articles/10.3389/
fpubh.2022.906106

10. 	 Wang X, Luo R, Liu Y, Chen P, Tao Y, He Y. 
Revealing the complexity of users’ intention to adopt 
healthcare chatbots: A mixed-method analysis of 
antecedent condition configurations. Information 
Processing & Management. 2023;60(5):103444. 
DOI: 10.1016/j.ipm.2023.103444

11. 	 Talwar S, Dhir A, Islam N, Kaur P, Almusharraf 
A. Resistance of multiple stakeholders to e-health 
innovations: Integration of fundamental insights 
and guiding research paths. Journal of Business 
Research. 2023;166:114135. DOI: 10.1016/j.
jbusres.2023.114135

12. 	 Iyanna S, Kaur P, Ractham P, Talwar S, Najmul Islam 
AKM. Digital transformation of healthcare sector. 
What is impeding adoption and continued usage 
of technology-driven innovations by end-users? 
Journal of Business Research. 2022;153:150–61. 
DOI: 10.1016/j.jbusres.2022.08.007



Mal J Med Health Sci 20(SUPP9): 254-260, Nov 2024259

Malaysian Journal of Medicine and Health Sciences (eISSN 2636-9346)

of the Literature. Journal of Data and Information 
Science. 2017;2(2):1–40. DOI: 10.1515/jdis-2017-
0006

25. 	 Cui Y, Mou J, Liu Y. Knowledge mapping of 
social commerce research: a visual analysis using 
CiteSpace. Electron Commer Res. 2018;18(4):837–
68. DOI: 10.1007/s10660-018-9288-9

26. 	 Falagas ME, Pitsouni EI, Malietzis GA, Pappas G. 
Comparison of PubMed, Scopus, Web of Science, 
and Google Scholar: strengths and weaknesses. 
The FASEB Journal. 2008;22(2):338–42. DOI: 
10.1096/fj.07-9492LSF

27. 	 van Leeuwen T. The application of bibliometric 
analyses in the evaluation of social science 
research. Who benefits from it, and why it is still 
feasible. Scientometrics. 2006;66(1):133–54. DOI: 
10.1007/s11192-006-0010-7

28. 	 Dünnebeil S, Sunyaev A, Blohm I, Leimeister JM, 
Krcmar H. Determinants of physicians’ technology 
acceptance for e-health in ambulatory care. Int J 
Med Inform. 2012;81(11):746–60. DOI: 10.1016/j.
ijmedinf.2012.02.002

29. 	 Ajzen I. The theory of planned behavior. 
Organizational Behavior and Human Decision 
Processes. 1991;50(2):179–211. DOI: 
10.1016/0749-5978(91)90020-T

30. 	 Perlich A, Meinel C, Zeis D. Evaluation of the 
Technology Acceptance of a Collaborative 
Documentation System for Addiction Therapists 
and Clients. Stud Health Technol Inform. 
2018;247:695–9. 

31. 	 Fatehah M, Mezhuyev V, Al-Emran M. A Systematic 
Review of Metamodelling in Software Engineering. 
In: Al-Emran M, Shaalan K, Hassanien AE, editors. 
Recent Advances in Intelligent Systems and 
Smart Applications. Cham: Springer International 
Publishing; 2021. (Studies in Systems, Decision 
and Control). DOI: 10.1007/978-3-030-47411-
9_1

32. 	 Al-Emran M, Granić A. Is It Still Valid or Outdated? 
A Bibliometric Analysis of the Technology 
Acceptance Model and Its Applications From 2010 
to 2020. In: Al-Emran M, Shaalan K, editors. Recent 
Advances in Technology Acceptance Models and 
Theories. Cham: Springer International Publishing; 
2021. (Studies in Systems, Decision and Control). 
DOI: 10.1007/978-3-030-64987-6_1

33. 	 Chen C, Ibekwe-SanJuan F, Hou J. The structure 
and dynamics of cocitation clusters: A multiple-
perspective cocitation analysis. Journal of the 
American Society for Information Science and 
Technology. 2010;61(7):1386–409. DOI: 10.1002/
asi.21309

34. 	 Safi S, Danzer G, Schmailzl KJ. Empirical Research 
on Acceptance of Digital Technologies in Medicine 
Among Patients and Healthy Users: Questionnaire 
Study. JMIR Hum Factors. 2019;6(4):e13472. DOI: 
10.2196/13472

35. 	 Zong Q, Yuan Q, Tong L, Shen H. Visual Analysis 

13. 	 Gopinath K, Selvam G, Narayanamurthy G. 
Determinants of the Adoption of Wearable Devices 
for Health and Fitness: A Meta-analytical Study. 
Communications of the Association for Information 
Systems. 2022;50(1). DOI: 10.17705/1CAIS.05019

14. 	 Ong AKS, Kurata YB, Castro SADG, De Leon JPB, 
Dela Rosa HV, Tomines APJ. Factors influencing 
the acceptance of telemedicine in the Philippines. 
Technology in Society. 2022;70:102040. DOI: 
10.1016/j.techsoc.2022.102040

15. 	 van Bussel MJP, Odekerken–Schröder GJ, Ou C, 
Swart RR, Jacobs MJG. Analyzing the determinants 
to accept a virtual assistant and use cases among 
cancer patients: a mixed methods study. BMC 
Health Services Research. 2022;22(1):890. DOI: 
10.1186/s12913-022-08189-7

16. 	 Binyamin SS, Zafar BA. Proposing a mobile 
apps acceptance model for users in the health 
area: A systematic literature review and meta-
analysis. Health Informatics J. SAGE Publications 
Ltd; 2021;27(1):1460458220976737. DOI: 
10.1177/1460458220976737

17. 	 Santos-Vijande ML, Gómez-Rico M, Molina-
Collado A, Davison RM. Building user engagement 
to mhealth apps from a learning perspective: 
Relationships among functional, emotional and 
social drivers of user value. Journal of Retailing 
and Consumer Services. 2022;66:102956. DOI: 
10.1016/j.jretconser.2022.102956

18. 	 Liu K, Tao D. The roles of trust, personalization, 
loss of privacy, and anthropomorphism in public 
acceptance of smart healthcare services. Computers 
in Human Behavior. 2022;127:107026. DOI: 
10.1016/j.chb.2021.107026

19. 	 Shahbaz M, Gao C, Zhai L, Shahzad F, Hu Y. 
Investigating the adoption of big data analytics in 
healthcare: the moderating role of resistance to 
change. Journal of Big Data. 2019;6(1):6. DOI: 
10.1186/s40537-019-0170-y

20. 	 Amin R, Hossain MA, Uddin MM, Jony MTI, Kim 
M. Stimuli Influencing Engagement, Satisfaction, 
and Intention to Use Telemedicine Services: An 
Integrative Model. Healthcare. Multidisciplinary 
Digital Publishing Institute; 2022;10(7):1327. DOI: 
10.3390/healthcare10071327

21. 	 Mayr P, Scharnhorst A. Scientometrics and 
information retrieval: weak-links revitalized. 
Scientometrics. 2015;102(3):2193–9. DOI: 
10.1007/s11192-014-1484-3

22. 	 Shafique M. Thinking inside the box? Intellectual 
structure of the knowledge base of innovation 
research (1988–2008). Strategic Management 
Journal. 2013;34(1):62–93. DOI: 10.1002/
smj.2002

23. 	 Zemigala M. Tendencies in research on sustainable 
development in management sciences. Journal 
of Cleaner Production. 2019;218:796–809. DOI: 
10.1016/j.jclepro.2019.02.009

24. 	 Chen C. Science Mapping: A Systematic Review 



Mal J Med Health Sci 20(SUPP9): 254-260, Nov 2024 260

of Research on Acceptance of Information 
Technology. Vol. 3, ICEIS 2011 - Proceedings of 
the 13th International Conference on Enterprise 
Information Systems 2011. p. 420. 

36. 	 Razak SFA, Yogarayan S, Abdullah MFA, Azman 
A. Modeling User Acceptance of In-Vehicle 
Applications for Safer Road Environment. Future 
Internet. Multidisciplinary Digital Publishing 
Institute; 2022;14(5):148. DOI: 10.3390/
fi14050148

37. 	 Nurqamarani AS, Sogiarto E, Nurlaeli N. Technology 
Adoption in Small-Medium Enterprises based on 
Technology Acceptance Model: A Critical Review. 
Journal of Information Systems Engineering and 
Business Intelligence. 2021;7(2):162–72. DOI: 
10.20473/jisebi.7.2.162-172

38. 	 Venkatesh V, Thong JYL, Xu X. Consumer 
Acceptance and Use of Information Technology: 
Extending the Unified Theory of Acceptance and 
Use of Technology. MIS Quarterly. Management 
Information Systems Research Center, University 
of Minnesota; 2012;36(1):157–78. DOI: 

10.2307/41410412
39. 	 Tomić N, Kalinić Z, Todorović V. Using the 

UTAUT model to analyze user intention to accept 
electronic payment systems in Serbia. Portuguese 
Economic Journal. 2023;22(2):251–70. DOI: 
10.1007/s10258-022-00210-5

40. 	 Wan L, Xie S, Shu A. Toward an Understanding 
of University Students’ Continued Intention 
to Use MOOCs: When UTAUT Model Meets 
TTF Model. SAGE Open. SAGE Publications; 
2020;10(3):2158244020941858. DOI: 
10.1177/2158244020941858

41. 	 Zhou LL, Owusu-Marfo J, Asante Antwi H, Antwi 
MO, Kachie ADT, Ampon-Wireko S. Assessment 
of the social influence and facilitating conditions 
that support nurses’ adoption of hospital electronic 
information management systems (HEIMS) in 
Ghana using the unified theory of acceptance and 
use of technology (UTAUT) model. BMC Medical 
Informatics and Decision Making. 2019;19(1):230. 
DOI: 10.1186/s12911-019-0956-z


